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1 Introduction

According to Freedom House (2021), the global decline in democracy has accelerated in
recent years. The share of countries designated Not Free (i.e., countries where basic political
rights and civil liberties are absent) has reached its highest level since the deterioration of
democracy began in 2006. Today, less than a fifth of the world’s population lives in fully
democratic countries. These trends have negative implications for economic growth and
civil liberties. Whether these trends can be reversed partly depends on voter understanding
and sensitivity to the quality of democratic institutions. However, in authoritarian regimes,
voters’ opinions are influenced by leaders who frequently claim that existing systems are
democratic. In addition, since state centralization is high in these environments, voters are
also not exposed to local variation in institutional quality. Voters also have limited knowledge
of changes in democratic institutions because of state censorship.

Whether exposure to credible information on democratic institutions changes voter un-
derstanding and support for democratic institutions remains an open question. This study
aims to answer this question using a large-scale field experiment in the context of high-stakes
presidential and general Turkish elections. Turkiye is an ideal setting for this research ques-
tion due to the following reasons: (i) over the past 20 years, Turkiye has experienced a sharp
decline in democratic norms; (ii) the May 2023 presidential and general elections are consid-
ered critical for democratic institutions in Turkiye and all political parties are campaigning
on democracy.

Studies have shown that democratization has a causal impact on economic growth (e.g.,
Acemoglu et al, 2019) and democratic norms, like independent media, reduce corruption
(e.g., Ferraz and Finan, 2008), but whether voters appreciate and support democratization
in authoritarian environments is unclear. The lack of local variation in democratic institu-
tions and state performance makes evaluating voter understanding of institutional quality
challenging. Several studies use online experiments to study public commitment to demo-
cratic values (Miller, 2021; Svolik 2019), but evidence shows that online experiments can
be biased due to participants’ tendency to provide socially desirable responses (Levitt and
List, 2007). We contribute to this literature using a large-scale field experiment in Turkiye
in which voters are randomly assigned at the neighborhood-level to receive information, via
door-to-door election campaigns, on the causal relationship between independent media and
corruption and time-series figures using data from V-Dem. Neighborhoods are also ran-
domly assigned to a second treatment arm in which voters are exposed to campaigns with
only persuasive content on corruption. Such “slogans” are typically used in campaigns, and
political scientists and social psychologists believe they effectively change voter behavior.
Therefore, we will directly compare whether slogans have a different impact than informa-
tion on changing voter outcomes. We will compare these two treatment arms to one another
and to a control group in which neighborhoods are not visited at all.

Our study is also related to the broader literature on the impact of information on
voter behavior in middle-income and lower-income countries (e.g., Baysan 2022; Ferraz and
Finan 2008; Casey 2015; Cruz, Keefer, and Labonne 2021; Platas and Raffler 2021; Cruz
et al., 2018; Kendall et al., 2015; Orkin, 2019). We extend this literature by focusing on
a previously unexplored angle that is salient in authoritarian countries – knowledge of the
quality of democratic institutions and their relationship to economic development. Another
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advantage of our study is that we will be able to study both real (i.e., neighborhood-level
vote share) and attitudinal (i.e., via a household survey) outcomes.

Our study also contributes to this literature by disentangling between the effects of the
information source and information on voter outcomes and estimating the role of two types of
spillovers on individual beliefs. First, we have a unique opportunity to randomize the infor-
mation source of the same information campaigns. Following an inclusive and non-partisan
approach, and as discussed in our IRB, we contacted each political party’s general secretary
to participate in our study. Randomizing the information source is important because the
information source can, for example, affect voters’ beliefs of the information’s credibility
(e.g., Bray and Kreps, 1987) and whether voters are subject to persuasion (e.g., DellaV-
igna and Kaplan, 2007) or beliefs of the information source’s (political party) reputation
(e.g., Gentzkow and Shapiro, 2006). Second, to estimate spillovers effects of the campaigns
at the household and street-level, we embed the neighborhood level randomization with a
residential-unit level randomization of 3,020 voters and their neighboors, and a street-level
randomization. For example, this strategy will allow us to estimate “treatment spillovers”
(and “control spillovers”) in which we compare the impact of each campaign type on treated
households in control streets to treated households in treated streets, While other studies
have estimated “control spillovers,” (e.g., Giné and Mansuri 2018), there is less research on
treatment spillovers. This spillover allows us to measure the extent to which voters update
their beliefs because of social multipliers through interactions or because they know others
were exposed to the same message.

This document summarizes the main tests that we intend to conduct. We have submitted
the document prior to the public release of the electoral data for the 2023 May elections. We
do not rule out the possibility of running other tests and engaging in exploratory analysis.
We will make clear in the paper which estimations are specified in this pre-analysis plan and
which are not (Casey, Glennerster, and Miguel, 2012).

2 Experimental design

We use a randomized controlled trial (RCT) to evaluate our research questions. To initi-
ate the research program and conduct impartial research, in December 2022, we invited all
political parties with representation in parliament to participate in a study on voters’ per-
spectives on democracy. We sent an initial and reminder email to the provincial leaders of
each party in three major provinces (Istanbul, Ankara, and Izmir). The Republican People’s
Party (CHP) and the Good Party (Iyi) agreed to participate. One of the campaign managers
from the CHP also asked to involve a group of non-partisan activists interested in conveying
information on democracy to voters.

As part of the research project, the two parties and independent canvassers carried out
a door-to-door information campaign containing the same content on democracy and the
relationship between the strength of independent media and corruption. The information
was conveyed orally and in a pamphlet. The pamphlets were designed by the parties.

The information campaigns were randomized at the neighborhood level. In addition,
neighborhoods were randomly assigned to a second treatment arm in which voters are ex-
posed to campaigns with only persuasive content (“slogans”) on corruption. We cross-
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randomized the information source of the two treatment campaigns as either the Iyi Party,
Non-Partisan, or the CHP. This was revealed to voters through a pamphlet and orally by the
canvassers. In total, there are 252 treatment neighborhoods and 302 control neighborhoods.

Our sample selection took place in March 2023 and a baseline survey was conducted in
April 2023. An endline survey started approximately May 18th, 2023, but has been paused
and will tentatively continue after the run-off elections on May 28th. There were some
issues with baseline data collection, and so there is uncertainty in whether we will be able to
conduct the individual analyses using the survey data. We expect that the administrative
electoral data will be available around May 25th, 2023.

2.1 Sample

The primary field experiment takes place in Izmir, Turkiye. We have scraped ballot-box level
vote share and voter turnout data for the 2018 presidential and general elections from the
Supreme Election Council’s website (YSK). We have aggregated the ballot-box level data to
the neighborhood-level since ballot-box locations change over time.1 We use these data to
randomly assign neighborhoods to the different treatment groups.

Prior to randomization, we selected the experimental sample from the full population of
1,294 neighborhoods in Izmir as follows:

• We dropped neighborhoods where the number of registered voters was greater than
6500 in 2018

• We dropped districts where the share of neighborhoods with less than or equal to 100
voters was greater than 11%

• We dropped neighborhoods where the number of registered voters was less than 150 in
2018

• We dropped neighborhoods where either of the two major electoral alliances (People’s
Alliance and National Alliance) had more than 70% of the vote share in 2018

• We dropped neighborhoods where the National Alliance’s vote share in 2018 was less
than .15 and the presidential candidate, Selahattin Demirtas, had more than 50% of
the vote share.

• Finally, among the remaining districts, we dropped the ones where there were less than
9 neighborhoods remaining.

Randomization is stratified by six quantiles of the 2018 vote share for the National
Alliance to estimate heterogeneous treatment effects and to increase statistical power. We
selected a well-balanced draw from among 100000 re-randomizations to avoid other chance
imbalances (following Banerjee, Chassang, and Snowberg 2017) for each treatment arm.
Each treatment arm is listed below.

1We may be able to construct a ballot-box level panel if we are able to access ballot box locations from
2018.
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• Control

• T I,CHP : Information by CHP Canvassers

• T I,IY I : Information by IYI Canvassers

• T I,IND: Information by Independent Canvassers

• T S,CHP : Slogan by CHP Canvassers

• T S,IY I : Slogan by IYI Canvassers

• T S,IND: Slogan by Independent Canvassers

2.2 Data sources

• Electoral data that are publicly available from the Supreme Election Council’s website
(YSK).2

• Baseline survey

– Demographics and ideology; views about the causal relationship between demo-
cratic institutions and various outcomes like corruption; views about the quality
of democratic institutions and general questions on democratic norms; affective
polarization; previous voting behavior. The baseline survey was conducted in
Izmir.

• Endline Survey

– Views about the causal relationship between democratic institutions and various
outcomes like corruption; views about the quality of democratic institutions and
general questions on democratic norms; affective polarization; voting behavior
in the May 14 and May 28 general and presidential elections; questions about
interactions and views of neighbors; demographics and ideology among voters not
surveyed at baseline.

• Online Experiment

– We conducted an online experiment with an information treatment arm simi-
lar to the door-to-door information campaign. The online experiment included
additional information treatment arms and a placebo treatment group for each
information treatment. The survey accompanying the experiment has similar
variables as the baseline and endline surveys. The online experiment included
voters from different parts of Turkey.

2These data are publicly available at https://sonuc.ysk.gov.tr/sorgu

5

https://sonuc.ysk.gov.tr/sorgu


3 Experimental integrity

To establish experimental integrity we will compare each of the treatment groups to the
control group on key baseline and arguably pre-determined outcome variables. In expec-
tation, the mean and variance of these variables in each treatment group and the control
group should not be distinguishable. We will compare balance across neighborhood-level
characteristics and individual-level characteristics. These variables include 2018 electoral
data, geographic units, and the number of households surveyed at baseline.

4 Regression specification

4.1 Electoral data analysis

The publicly available electoral data allows us to analyze the effect of our treatments at the
ballot box level and neighborhood level. Our primary regression is given by:

Ybn = α + T ′
nβ +X ′

nλ+ ϵbn (1)

where b and n stand for ballot-box and neighborhood respectively. Ybn is the ballot box-
level electoral outcomes (for different parties, candidates, or alliances) or voter turnout for
the 2023 presidential and general elections. T ′ is a vector of indicator variables identifying
the different treatment arrangements that we discussed above. In addition, we will use
residential unit level information on treatment implementation intensity: whether a canvasser
successfully gave a pamphlet or completed a conversation with a voter. We will explore
instrumenting this information (aggregated to the ballot box or neighborhood level) with
treatment assignments or using it in our heterogeneity analysis. β is a vector carrying our
main coefficients of interest measuring the differential effects on electoral outcomes between
neighborhoods assigned to these treatment arrangements and the control group (the omitted
category).

In the regression, we will include a vector of control variables, X ′
n. We will use 2018

electoral data as control variables to improve the precision of the estimates and to control
for any imbalance of variables that are predictive of the outcome. In addition, we will include
other variables that we balanced on and that improve precision. The additional variables
include geographic fixed effects, the number of households surveyed at baseline, and strata
fixed effects (six quantiles of the 2018 vote share of the opposition).

In addition to the aggregate specification, we also estimate versions of equation (1) by
quantiles of the 2018 vote share for the opposition.

Given the nature of our treatment, we cluster standard errors at the neighborhood level.
We will also run the regression collapsed at the neighborhood level with and without weight-
ing observations by the number of registered voters.
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4.2 Individual level analysis

For the individual-level analysis, the treatment assignment is at the residential unit level.
Our primary specification, in this case, is given by:

Yiu = α + T ′
uβ +X ′

iuλ+ ϵiu (2)

where i and u represent an individual and a residential unit respectively. Yiu is an outcome
variable for the individual. T ′ is a vector of indicator variables identifying the different
treatment arrangements discussed above and β is a vector carrying our main coefficients
of interest. As before, we include control variables aiming to improve the precision of the
estimates.

We cluster the standard errors in these regressions at the residential unit level, which is
the level at which the treatment is assigned.

To estimate spillovers effects of the campaigns at the household and street-level, we embed
the neighborhood level randomization with a residential-unit level randomization of voters
in our baseline sample and their neighboors, and a street-level randomization. Therefore, we
can estimate spillovers and peer effects if we can successfully collect endline data.

Finally, we will also incorporate the results of an individual-level online experiment into
the paper. We conducted an online experiment with an information treatment arm similar
to the door-to-door information campaign. The online experiment included additional infor-
mation treatment arms, such as an information treatment on the impact of democracy on
mitigating the negative impacts of natural disasters, and a placebo treatment group for each
information treatment. The placebo treatments allow us to isolate the impact of information
on self-reported outcomes. In analyzing the online experiment, all analysis will be at the
individual level and we will not cluster the standard errors.

5 Hypotheses

5.1 Campaign Treatment Effects

Using equation (1), we plan to estimate various treatment effects. They include the average
effect of our campaigns (T is an indicator variable equal to one if the neighborhood is
assigned to any of the six treatment groups described above), the effect of the campaign
type (T = [T I T S]), the effect by party source (T = [TCHP T IY I T IND]) and the effect
by type and party source.

These estimates will allow us to test the hypothesis of whether information on democ-
racy affects voter behavior and whether the source of information (right-wing, left-wing,
independent source) matters in shaping voters’ voting behavior.

6 Heterogeneity Analysis

In analyzing the electoral data, we will estimate heterogeneous treatment effects by quantiles
of the opposition vote share. We will explore instrumenting our measure of treatment im-
plementation intensity (aggregated to the ballot box or neighborhood level) with treatment
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assignments or using it in our heterogeneity analysis. For the individual level analysis, we
will estimate heterogeneous treatment effects using various baseline data like voters’ prior
party support/ideology and priors on the quality of democratic institutions. We will also
consider heterogeneous effects by neighborhood or ballot box voting data.
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