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Abstract

Summary: This document outlines outcomes and regressions for estimating (1) the reduced-
form effect of safety information on demand for motorcycle helmets in Nairobi, Kenya, and (2)
the value of a statistical life, estimated using randomized variation induced by this experiment.
The study is a lab in the field experiment in which passengers of motorcycle taxis in Nairobi
will be presented with a randomized debiasing intervention containing information about the
empirical risk of a fatal accident and the efficacy of helmets at preventing death. The study
consists of a pure control group that will not be asked about perceived risk, a control group that
will be asked about perceived mortality risk but not presented with information, a treatment
group in which respondents are presented with empirical mortality data and an academic study
estimating that helmets reduce one’s probability of dying by 42%, and a treatment group in
which respondents are presented with empirical mortality data and an academic study estimat-
ing that helmets reduce one’s probability of dying by about 70%. All respondents will then
participate in a Becker et al. (1964) willingness to pay exercise.

Appendix A: Survey instrument in English.
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1 Introduction

This document outlines the analysis plan for a lab in the field experiment that aims to experimen-

tally estimate the value of a statistical life in Nairobi, Kenya. The study focuses on passengers

of motorcycle taxis, called “boda bodas” or “bodas.” The core component of this intervention is

to present passengers that are not wearing helmets with information about the mortality risk of

bodas in Kenya and the efficacy of helmets. I then plan to conduct a willingness to accept exercise

to measure demand for helmets using a Becker et al. (1964) mechanism (hereafter referred to as

BDM). This pre-analysis plan is being filed after a short pilot aimed at fixing issues with the survey

instrument. None of the data that will be used in analysis has been seen by anyone on the research

team at the time this is filed.

This project has two primary aims. First, from a public policy perspective the study aims

to examine the role that prices and information have in uptake of motorcycle helmets. Bachani

et al. (2017) found in an observational study that less than 3% of boda passengers wear helmets,

despite the fact that traffic accidents are the leading cause of death for individuals 18-25, and

motorcycles are particularly risky. Meanwhile, academic studies suggest that helmets are effective

at reducing mortality risk. Liu et al. (2008) conduct a meta-analysis, primarily from developed

contexts, producing a point estimate of 42% efficacy. Ouellet and Kasantikul (2006) estimate over

70% efficacy in Thailand, a setting that may be more similar to Kenya. Hence, helmets are among

the most significant investments that frequent boda passengers can make to reduce their mortality

risk.

This project aims to build on a recent economics literature such as Habyarimana and Jack

(2011) demonstrating that information treatments can yield behavioral change that is effective at
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reducing traffic deaths. Specifically, participants will be assigned to a pure control group that is

not asked any questions about mortality risk or helmet effectiveness, a control group that is asked

a series of questions to measure mortality risk beliefs, a treatment group presented data from Liu

et al. (2008) showing 42% effectiveness, and a treatment group given the finding from Ouellet and

Kasantikul (2006) that helmets reduce the odds of a fatal accident by 70%.

All treatment groups will then participate in a BDM willingness to accept exercise. Respon-

dents will first be asked to state the smallest cash payment, in Kenyan shillings, they would prefer

to a free helmet. We will then select a payment value between 5 and 600 shillings with uniform

probability. Respondents will receive the payment if the draw is larger than their stated valuation

and otherwise receive the free helmet. The study uses a willingness to accept exercise rather than

a willingness to pay mechanism to prevent liquidity constraints from binding.

The helmets we are offering sell at a wholesale price of Ksh 580 per unit from the Kenyan man-

ufacturer Boda Plus. Based on discussion with an NGO and a helmet manufacturer, this appears

to be on the upper end of helmet prices due in part to an abundance of low quality and counterfeit

products. Boda Plus is a subsidiary of Car and General, one of the largest motorcycle sellers in

East Africa, and it produces helmets that adhere to the Kenyan Bureau of Standards’ safety require-

ments which map closely to standards created by the United Nations. In addition, an unaffiliated

NGO that advocates for helmet safety in Kenya indicated that the helmets are high quality.

This design allows us to estimate the reduced form effect of safety information on helmet

valuations. Moreover, the BDM exercise allows one to determine what share of respondents would

purchase a helmet at different prices, providing insight about the efficacy of price subsidies and

complementary effects with information campaigns that are relevant to policy makers. Details

about the regressions that I plan to estimate are presented in section 4.
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The second aim of this project is to use the randomized variation induced by the intervention to

estimate the value of a statistical life (VSL), that is willingness to pay to reduce mortality risk. This

study aims to make several contributions to the literature. First, VSL estimates generally depend

on the assumption that individuals have unbiased beliefs about the mortality risk of the decision

that they face. This assumption is strong since mortality risks are not easily observable. This

experiment allows us to directly test whether mortality beliefs are systematically biased since both

reported beliefs and valuations should be orthogonal to the information treatment under the null

hypothesis that beliefs are correct. Moreover, we can estimate demand models separately on the

information treatment and control groups using endogenous variation in mortality risk reduction

from a helmet associated with how often one rides a boda. This mirrors the type of analysis often

used to estimate VSL, and allows us to see whether biased beliefs significantly change estimates.

In addition, the experiment allows for an estimate of the VSL of urban Kenyans using ex-

perimental variation. The information treatment will create exogenous variation in participants’

perceived reduction in mortality risk from purchasing a helmet. Combined with their valuations

measured using the BDM exercise, we may estimate a demand system for helmets that identifies

VSL. The average value of a statistical life is simply the coefficient on the mortality risk reduction

in an instrumental variable regression of valuation on risk reduction, instrumenting for the risk re-

duction using information treatment assignment. A simple model illustrating how the experiment

identifies VSL is presented in section 3 and estimation details are in section 5.

2 Sample, Study Design, and Data

This study will consist of a single survey, included in the appendix for reference, that will take be-

tween 15 and 45 minutes. Respondents will be recruited at boda stands in Nairobi, locations where
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individuals go to obtain a motorcycle taxi ride. Surveyors will interview respondents throughout

the day, although traffic is generally higher during morning and evening commutes. We expect that

many potential respondents will be time constrained and thus aim to minimize the duration of the

survey. Surveyors will visit multiple boda stands throughout the city in order to reach a broader

sample of passengers.

The sample of boda passengers is likely selected. For instance, those with less risk aversion or

a higher value of time may be more likely to take motorcycle taxis. This may limit the external

validity of the study, particularly VSL estimates. However, boda use is increasingly common

across demographics due to congestion, so this design is likely to reach a broader segment of

the population than many studies of VSL. I also plan to collect detailed demographic data from

respondents. Demographic information is obtained prior to any randomized components of the

experiment. I may examine corrections, such as control function approaches or weighting, to

estimate VSL values for the broader population of Nairobi or of Kenya, rather than just the sample

of motorcycle taxi passengers.

Data collection will consist of approximately seven weeks of data collection. This follows a

one week pilot aimed at refining questions aimed at measuring beliefs about the mortality risks of

motorcycle taxis.

This wave of data collection is constrained by the budget for this round of data collection rather

than a target sample size. Conducting ex-ante power calculations requires strong assumptions be-

cause the sensitivity of consumers to helmet prices, baseline beliefs about helmet effectiveness, and

baseline beliefs about mortality risk are all unknown. Thus one needs to make arbitrary assump-

tions about effect sizes to calculate statistical power. In addition, a core concern for estimating

VSL is instrument strength rather than simply detecting an effect size. Given the barriers to pro-
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ducing credible power calculations and the fact that this study received a pilot grant for this wave

of data collection, I plan to collect the largest sample possible under the current funding. This

will likely produce a sample size between 800 and 1,200. I then plan to estimate the regressions

reported in this pre-analysis plan and perform power calculations via simulation. I will then apply

for funding to collect an additional sample in a second wave if necessary and pool the sample from

the two rounds of data collection, including wave fixed effects in all analysis.

Data will be collected using SurveyCTO. Randomization will be conducted in SurveyCTO us-

ing the random() function. This function uses the Java randomization algorithm to take a pseudo-

random draw from a standard uniform distribution. This study does not stratify randomization

since the sample is not known en-ante. Hence, randomization must be conducted in the survey.

Independent random draws are used to determine which information treatment group the respon-

dent is assigned to and which price offering the respondent receives in the BDM demand exercise.

Since a primary focus of this study is estimating the value of a statistical life, which requires data

on individuals mortality beliefs, respondents are assigned to the pure control with a lower prob-

ability. We plan to offer respondents a cash payment between Kenyan shillings (Ksh) 5 and 600

with uniform probability. Respondents are informed about the range of possible cash payments

during the consent process. However, we do not include this range when introducing the BDM

mechanism to avoid confusion about the game since the range does not affect optimal strategies

and to avoid creating anchor points.

Table 1: Information treatment probabilities

Treatment group Assignment probability
Pure control 10%

Control 30%
Treatment 1: Liu et al. (2008) 30%

Treatment 2: Ouellet and Kasantikul (2006) 30%
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The first information treatment group is a pure control. These respondents will be asked a

series of demographic questions and basic information about boda ridership, then proceed to the

willingness to accept exercise. Those assigned to the pure control will not be asked any questions

about their perceived likelihood of dying in a motorcycle accident, or other questions relating to

motorcycle safety. The aim of the pure control group is to provide an estimate of baseline demand

for motorcycle helmets among consumers that are not asked to think carefully about safety before

being offered a helmet.

The control group will be asked detailed questions about their perceptions about boda safety.

We currently do not plan to offer any information about mortality risk or helmet effectiveness to

those in the control group. However, we may present those in the control group with data about

the respondent’s empirical accident risk depending on responses during the first several weeks of

piloting. If respondents have extremely diffuse priors about empirical mortality risk, then noise

in the measurement of perceptions about accident risks may dramatically reduce the power of this

study. In this case, we may present the control group with empirical accident risk data so that

the primary variation generated by the study will enter through beliefs about helmet effectiveness

which are well-studied, more heavily publicized, and easier to measure. If we present those in the

control group with empirical risk estimates at some point in the study, we will include fixed effects

to capture the change in treatment.

Empirical risks are calculated using the 2021 mortality risk per motorcycle trip of motorcycle

drivers, since we know that one driver is present during each trip but were not able to obtain high

quality estimates about the frequency of trips that involve a passenger, calculated using data from

news sources and the Kenyan National Transport and Safety Authority (NTSA). We then use the

per-trip risk of an average Kenyan and the respondent’s ridership volume to estimate their mortality
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risk over a 5-year span, the recommended lifespan of the helmet.

Both treatment groups will receive information about helmet effectiveness. The first treatment

group will be presented with the results of Liu et al. (2008) which conducts a meta-analysis of

studies on helmet effectiveness, predominately from developed contexts, and estimates that hel-

mets reduce mortality risk by 42%. Those in the second treatment group will be presented with

the finding from Ouellet and Kasantikul (2006) that helmets in Thailand reduced mortality risk by

roughly 70% when properly worn.

We plan to measure mortality beliefs by first asking for per-trip estimates of risk for a standard

Kenyan. We will then ask for the risk per 1 year and per 5 years of a Kenyan that utilizes bodas as

frequently as the respondent. We will next ask what the respondent believes their own risk is over

the next 5 years. This ordering aims to help respondents think critically about the risk, and asking

about an average Kenyan and then the respondent’s own risk may help the respondent think about

their own risk. Respondent’s beliefs about their own mortality risk is measured using a two-step

approach in which we ask respondents to first select from a list of risk ranges and then provide a

more granular estimate within the selected range.

We will then present the empirical 5-year mortality risk, if applicable, before finally presenting

each of the 5 year estimates to the respondent and asking them to produce a final estimate. The

aim is to help respondents refine an estimate by approaching the question in multiple ways, and

then allowing them to select the most credible estimate. However, the volume of questions is

time consuming and respondents may have an aversion to being asked a large volume of sensitive

questions, so we may reduce the number of questions based on piloting.

Respondents in the treatment group will then be presented with study results about helmet

efficacy, then those in the control and treatment groups will be asked about their own beliefs
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about helmet effectiveness. We will then use this value and the estimated 5-year mortality risk

without a helmet to present the respondents with the risk reduction offered over the lifespan of the

product. This makes mortality risk salient when the respondent is considering the value of a helmet

relative to cash, making VSL estimates more credible. It also helps reduce the cognitive burden of

calculating the mortality reduction from a helmet. This is likely to reduce noise in outcomes.

The final risk reduction stated to the respondent will generally be used in regressions. However,

we may also consider other measures of mortality risk collected in the survey, such as the risk an

average Kenyan faces if respondents are uncomfortable thinking about their own risk.

3 Identification of the Value of a Statistical Life

This section presents a simple model illustrating how the value of a statistical life (VSL) is identi-

fied from this experiment.

Suppose that a consumer has a prior about the probability of dying with a helmet in an accident

that would be fatal without a helmet given by

Pr(D|H; I0) ∼ Beta(α0H , β0H)

where I0 denotes the individual’s baseline information set. Then

H0 ≡ E[Pr(D|H; I0)] =
α0H

α0H + β0H

Now suppose that the consumer is presented with information that the estimated efficacy of helmets
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is θH ∼ Beta(αEH , βEH). Then their posterior beliefs about the efficacy of helmets are given by

Pr(D|H; I1) ∼ Beta(α0H + αEH , β0H + βEH)

and the expected value is

H1 ≡ E[Pr(D|H; I1)] =
α0H + αEH

α0H + αEH + β0H + βEH

If α0H

α0H+β0H
̸= αEH

αEH+βEH
, the consumer initially has biased beliefs and their posterior mean will

differ from their prior mean. The degree to which their posterior will update depends on the

magnitude of bias in initial beliefs, how diffuse their prior is, and how diffuse the signal is. By

measuring beliefs before receiving the signal and the agent’s confidence in their prior, we may

thus determine the credibility with which respondents perceive debiasing information based on the

extent to which their posteriors update. Furthermore, if consumers are given two different signals

about the efficacy of helmets, in this case from the two different studies used in treatment 1 vs

treatment 2, then their posterior means will differ so long as their prior is non-singular.

Similarly, suppose that the agent has a prior distribution about the probability of getting into a

fatal motorcycle accident, per trip, given by

Pr(A|I0) ∼ Beta(αA, βA)

Then their prior expectation of the accident risk per trip is given by

A0 =
αA

αA + βA
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and after receiving a signal about the empirical accident risk is θA their posterior mean will be

given by

A1 = pA ·
(

αA

αA + βA

)
+ (1− ρA) · θA

Suppose the consumer completes n boda rides over the course of the lifespan of a helmet. Then

their baseline expectation of mortality risk without a helmet is given by

rin = 1− (1− A0)
ni

Under prior beliefs with a helmet, it is given by

rih0 = 1− (1− A0H0)
ni

And after updating beliefs, the perceived mortality risk with a helmet is

rih1 = 1− (1− A1H1)
ni

Letting pi denote the price of a helmet and rih, rin denote the consumer’s belief about mortality

their risk with and without a helmet respectively, a consumer’s expected utility from purchasing a

helmet is

Uih = ζh + β(1− rih)− αpi + ϵih

where v = β
α

is the value of a statistical life and ϵij represents components of utility unobserved to
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the econometrician. Without a helmet, the consumer’s expected utility is

Uin = ζn + β(1− rin) + ϵin

Let yi = 1 if the consumer purchases a helmet. Denote ∆ri = rin − rih. Normalizing ζn = 0

and assuming that ϵij ∼ iidEV 1, we have

Pr(yi = 1|I) = exp{ζh + β∆ri − αpi}
1 + exp{ζh + β∆ri − αph}

To estimate VSL, researchers use data on yi, rin, rih and pi to estimate such a demand system.

A common assumption in the VSL literature is that individuals belief about mortality risk is equiv-

alent to the empirical risk. In this context, this assumption would be that ∆ri = r∗i where r∗i is the

empirical risk. However, if beliefs are biased, then this approach will return a biased estimate of

VSL. This follows since ∆ri is a function of the consumer’s information set and ∂Pr(yi=1)
∂rih

< 0. So

if a consumer believes helmets are ineffective, estimating VSL with r∗i would lead us to conclude

that they have a low willingness to pay to reduce mortality risk.

In this context, we are able to leverage the fact that we measure precise valuations through the

BDM mechanism. Let vi denote one’s valuation, then

ζh + β∆ri − αvi + ϵih = ϵin

αvi = ζh + β∆ri + ϵih − ϵin

vi = ζh + V SL∆ri + ϵi

Hence, we may estimate regressions of valuation on ∆ri to recover the value of a statistical
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life.

Under the assumption that E[∆riϵi|Xi] = 0 where Xi is a rich set of demographic control vari-

ables, we may separately estimate VSL using OLS and empirical mortality risk among subsamples

that received different information treatments to test how much debiasing mortality beliefs affects

VSL estimates. While these estimate rely on strong assumptions, they are common in the literature

and thus offers a reasonable thought experiment. We think that these estimates of VSL will likely

be biased, but the variability across treatment groups nonetheless offers insight into the extent to

which biased priors could affect existing estimates.

This study further aims to estimate the value of a statistical life using exogenous variation

induced by the experiment. Let Ti be a vector of binary variables equal to 1 if a respondent received

a particular information treatment. By randomization, E[ϵi|Ti] = 0. Assuming that the information

treatments induce a change in beliefs, E[Ti∆ri] ̸= 0. Hence, we may estimate VSL using a two-

stage least squares regression in which we instrument for the respondent’s stated beliefs, ∆ri, using

the information treatment assignment.

Since this approach uses instrumental variables, measurement error in reported mortality be-

liefs will not bias VSL estimates, a concern that has contributed to prior work using empirical risk

data. Intuitively, this study is leveraging the malleability of biased beliefs to generate a valid instru-

ment to identify VSL. We aim to compare this experimental VSL estimate to those estimated from

ridership volume to test how much endogeneity, both from biased mortality beliefs and omitted

variable bias, affects VSL estimates in this setting. Since the non-experimental methods closely

mirror those used in existing studies, we think this comparison offers insight into the credibility of

existing VSL estimates, even in other contexts.
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4 Public policy outcomes of interest

This section presents the reduced-form public policy outcomes that this study plans to analyze. The

next section presents the structural specifications that will be considered for estimating the value

of a statistical life. I plan to consider heterogeneity based on income, age, an indicator for whether

the respondent has any children, performance on a digit span recall test, and life expectancy.

We do not believe that multiple testing is a significant threat in this setting since the experiment

is designed to test a specific set of hypotheses and the number of outcomes is small. However,

we will report Romano-Wolf corrected p-values for the outcomes in this section, which controls

the family-wise error rate (FWER) using a correction based on randomization inference (Romano

and Wolf, 2005). Corrected p-values will be found by first obtaining p-values on all tests using

the actual data, then permuting treatment assignment and calculating adjusted p-values using the

(Romano and Wolf, 2005) procedure. This allows us to correct across various tests statistics and

uses a pivotal statistic.

We will not apply a multiple testing procedure to VSL estimates. This is because we are

interested in estimating a specific structural parameter, not testing whether VSL is greater than 0.

Furthermore, we view VSL estimation as the primary aim of this study.

4.1 Primary outcome: The effect of information on helmet demand

We will first estimate the reduced-form effect of the information treatments on helmet valuations.

We will first estimate intent-to-treat estimates of the form

vi = β0 +
3∑

j=1

βjTij +X ′
iγ + ϵi

13



where vi is helmet valuation measured via the BDM exercise, Tij indicates assignment to the

control group, treatment 1, or treatment 2 (measured relative to the base of pure control), and Xi

is a vector of control variables. I plan to select controls using double-post LASSO (Belloni et al.,

2014).

The coefficient on Ti1, an indicator for being in control group, tests whether respondents have

a higher helmet valuation when considering mortality risk. β2 − β1 gives the effect of the low

debiasing treatment on valuations, β3 − β1 yields the effect of the high debiasing treatment on

helmet valuations, and β3−β2 offers the change in valuations when respondents are given evidence

that helmets are 70% effective versus 42% effective. We plan to test each hypothesis using t-tests

or Wald tests. Moreover, we plan to test the joint hypothesis that information does not affect

valuations using an F-test.

4.2 Primary outcome: Price semi-elasticity of demand for helmets

We aim to estimate the price semi-elasticity of demand for helmets using the regression

yi = β0 + α log pi +
3∑

j=1

βjTij +X ′
iβ + ϵi

where pi is the amount of cash offered to individual i and yi equals one if the respondent

selected a helmet at the randomly selected cash offering. α is the price semi-elasticity of demand.

We may also calculate the price elasticity of demand using valuation data. In particular, we will

plot a demand curve using the valuation data and the local elasticity of demand estimated using

local polynomial regression.
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4.3 Primary outcome: Elasticity of willingness to pay for a helmet with respect to effective-

ness

We will estimate the elasticity of demand with respect to perceived helmet effectiveness by esti-

mating the two-stage least squares regression model

log vi = β0 + βr log hi +X ′
iβ + ϵi

log hi = π0 +
3∑

j=2

πjTij +X ′
iπc + νi

where hi is the respondent’s belief about how effective helmets are at preventing death, con-

ditional on getting into an accident. The regression is estimated only using observations in the

control and treatment groups since risk perceptions are not measured in the pure control group. βr

is the outcome of interest.

5 VSL outcomes of interest

This section presents details about the VSL estimates that this paper plans to produce. Let ∆ri

denote the reduction in mortality risk that a respondent perceives over the 5 year lifespan of a

helmet, vi denote a respondent’s helmet valuation measured via the BDM exercise and Xi denote

a vector of controls. ni is the number of boda trips that a passenger takes in a typical week. Let

Zi = (1, ni, T
′
i , ni ·T ′

i , pi, X
′
i) where Ti is a vector of indicators for treatment status. This will vary

based on which subset of the sample is being used.
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Our primary approach is to estimate the two-stage least squares regression

vi = ζh + V SL∆ri +X ′
iγ0 + γ1ni + ϵi

∆ri = Z ′
iπ + νi

where V SL, the coefficient on ∆ri, is the object of interest. This estimator does not require assum-

ing that errors are drawn from a known distribution. We include the number of trips interacted with

treatment status since, controlling for the number of trips, this value is exogenous and likely to im-

prove instrument strength. Intuitively, if someone rides motorcycle taxis more, then learning that a

helmet is very effective will produce a larger percentage point change in the likelihood that a hel-

met will save their life than someone that infrequently rides them. If estimates are well-powered

without including information on ridership volume, we may also report these specifications for

robustness.

We plan to collect data on age, gender, education, income, the number of children, health, life

expectancy, and performance on a digit span recall test All VSL estimates will also control for the

number of boda trips the respondent took last week since this has a significant effect on mortality

risk and is necessary to include this value interacted with treatment as an instrument. I plan to

select additional covariates to include in VSL estimates using double-post LASSO (Belloni et al.,

2014).

I plan to consider heterogeneity with respect to age, gender, income, expected future income,

life expectancy, health, an indicator for whether the respondent has children, and performance on

a digit span recall test. We plan to test each dimension of heterogeneity separately due to power

constraints. However, we may consider jointly estimating heterogeneity if there is sufficient power.
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We plan to estimate VSL using two samples: observations from the control arm and both

treatment arms, and observations from the two treatment arms only. We cannot use pure control

observations since we do not collect mortality beliefs among this sample.

We will likely winsorize mortality risk data at the 2nd and 98th percentile. Piloting revealed

that some respondents struggle to think about risks, leading to unreasonably high (e.g. 0.5) or low

(e.g. 0) risk estimates. Hence, we may winsorize to limit the presence of outliers.

5.1 VSL Estimate 1: Control, treatment 1, and treatment 2 data

This estimate is likely to have the best statistical power since it uses all available data. We will use

all observations from the control and two treatment arms. The vector of treatment variables will

include an indicator for assignment to treatment 1, an indicator for assignment to treatment 2, and

the number of boda trips taken last week interacted with each of these variables.

5.2 VSL Estimate 2: Treatment 1 and treatment 2 data only

The second estimate of VSL will only use data from treatment 1 and treatment 2. We view this

as the most credible estimate, particularly if priors are diffuse, since all material presented to the

respondent is identical except for the estimated effectiveness of helmets. In particular, this estimate

is robust to any endorsement effects that could come from presenting respondents with a study

which generally shows that helmets are effective. This estimator may also reduce noise in beliefs

since respondents are presented with empirical estimates of all risk variables. The limitation of

this approach is that the sample size is reduced.
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5.3 Robustness to weak instruments

To account for the possibility of weak instruments, we plan to report first-stage F-statistics. In

addition, we will report confidence sets robust to weak instruments. We will generally report con-

fidence sets using the conditional likelihood ratio test from Moreira (2003). This test has optimal

performance under homoskedasticity with one endogenous regressor. However, we may also re-

port confidence sets constructed using alternative estimators, such as the heteroskedastic-robust

AR from Chernozhukov and Hansen (2008). We currently do not plan to report AR test statistics

as the primary specification since they lose power in over-identified models.

5.4 Robustness to endogenous future ridership

One concern with this study is that respondents could reduce their future ridership of motorcycle

taxis in response to information about the risks associated with the mode of transportation or

increase future ridership if they obtain a helmet. Based on discussions with the field team, we view

this as unlikely. Furthermore, respondents are presented with the risk reduction offered by a helmet

based on their past ridership, so this figure is more salient when providing valuations. However, to

account for this possibility, we collect data about how many boda trips the respondent plans to take

in the following week at the end of the survey. Hence, we can re-calculate the risk reduction, based

on the respondent’s own beliefs, using this ridership volume and re-estimate VSL for robustness.

5.5 Robustness to differing helmet lifespan

Respondents are told that helmets remain effective for 5 years, a number given to us by the helmet

manufacturer. Furthermore, the 5 year lifespan is used to calculate the mortality risk reduction
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offered by a helmet. However, it is possible that some respondents may believe helmets have

longer or shorter lifespans, changing the perceived likelihood that it will save their lives. We will

thus collect data about how long respondents plan to use the helmet for. We will re-calculate risk

reductions using the respondent’s own beliefs about boda risks, helmet effectiveness, and their

perceived lifespan of a helmet and re-estimate VSL for robustness.

5.6 The value of a statistical life year

In addition to VSL, we may estimate the value of a statistical life year (VSLY) using the same

specifications, but considering the expected increase in life years associated with a helmet rather

than the reduction in the probability that one will die as the covariate of interest.
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