Hypotheses
H1: We do not find differences in the mean and distributions of choices that reveal risk preferences, i.e., risk, prudence, and temperance, between subjects who start with the same endowments ($20, $60, or $100) coming from the control (Deterministic) treatments and the shock treatments (Negative Shock and Positive Shock). 
It is important to notice that theory is silent in two directions. First, regarding the relationship between risk aversion, prudence, and temperance, Crainich et al. (2013) show that many combinations are feasible. Thus, we could elicit $20, $60, or $100 among those who start with the same endowment as a function of individual experimental wealth and not of how this wealth has been generated. 
H1As:  Given a level endowment, there are no statistically significant differences in choices and preferences between:
· Deterministic-$20 with Negative Shock-$20  
· Deterministic-$60 with Positive Shock-$60 
· Deterministic-$60 with Negative Shock-$60  
· Deterministic-$100 with Positive Shock-$100
H1A_bs: Differences in choices and preferences between losers (Negative Shock-$20) and relative winners (Positive Shock-$60),  losers (Negative Shock-$20) and relative losers (Negative Shock-$60), or losers (Negative Shock-$20) and winners (Positive Shock-$100) are not significantly different from the differences observed between participants in the corresponding deterministic treatments, i.e., Deterministic-$20 vs. Deterministic-$60, and Deterministic-$20 vs. Deterministic-$100. In other words, the behavioral effects of experiencing gains or losses through shocks are not different from those arising from deterministic differences in endowment. 
HN1: The origin of the endowment affects the distributions of preferences. 
If we reject H1 via finding support for the alternative hypothesis, first, we must wonder how the effects of the losers and winners are affected when added to the comparison. To do so, we can test the auxiliary following hypothesis. 
H2: There are no significant differences in choices and preferences between relative losers (Negative Shock-$60) and non-affected (Deterministic-$60), or losers (Negative Shock-$20) and relative winners (Positive Shock-$60). 
Notice that, according to Crainich et al. (2013), there is a relationship between the types of choices that our subjects reveal. Thus, we should not expect to observe the 9 possible profiles of subjects that emerge from all the potential combinations of subject types (risk averse, neutral, risk lover), with (prudent averse, prudent neutral, imprudent) and (temperate, temperate neutral, and intemperate. Crainich et al. 2013 suggest that a subject’s preference for combining good with good or bad leads to three possible combinations of risk attitudes, which are listed in the table below. 
	Preference for combining “good” with “good” 
	Risk loving
	Prudent  
	Intemperate

	Preference for combining “good with bad” 
	Risk-averse
	Prudent 
	Temperate

	Indifferent 
	Risk neutral
	Prudence neutral
	Temperance neutral 


 
Therefore, instead of nine possible individual profiles generated by combining risk averse, risk neutral, and risk lovers with prudent, prudent neutral, imprudent, temperate, temperate neutral, and intemperate, the authors will state that three profiles are more likely to be found. We use our experimental data to test their hypothesis.
H3: The distribution of subject types reveals that the above-referenced three profiles highlighted by Crainich et al. 2013 are more likely to be observed in our sample.
Finally, we test the robustness of our results regarding H1 by testing the following hypotheses. 
H4: We do not find differences in the distributions of subject types between those participants assigned to deterministic and shock treatments. 
If we reject H4, first, we must wonder how the effects of the losers and winners affected the subject’s types. Despite not having a clear unanimous implication from alternative theories to EU, such as prospect theory, other behavioral theories will argue that if subjects use the $60 expected endowment as a reference point, winners and losers will act differently in our experimental task. How different, we do not know. We explore individual choices with H1A, but here, we will explore how these differences could be added to the comparison. To do so, we can test the auxiliary following hypothesis.
H4A: There are no significant differences in the distribution of subject types between losers (Negative Shock-$20), relative losers (Negative Shock-$60), relative winners (Positive Shock-$60), and winners (Positive Shock-$100) and their comparable subjects in Deterministic-$20, Deterministic-$60, and Deterministic-$100. In other words, experiencing gains or losses through shocks does not significantly alter the likelihood of belonging to a particular subject type compared to receiving the same final endowment in a deterministic way. 
Statistical Analysis 
Descriptive and Balance Checks 
Standardized differences
We will report standardized differences to check the balance of the sample across treatments in terms of the observable characteristics. We will employ Cochran and Rubin's (1973) rule of thumb that states the standardized difference should be less than 0.25 for the sample to be balanced across treatments. We will include gender, age, income, marital status, education, and ethnicity to check for balance. 
Demographics Regression
We will analyze the influence of demographic characteristics on risk aversion, prudence, and temperance indices. Consistent with previous literature on risk aversion and high-order risk attitudes, we will examine factors such as gender, age, marital status, number of children, income level, and higher education to explain variations in our results (Brunette & Jacob, 2019; Noussair et al., 2014). Noussair et al. (2014) also employed OLS estimates and ordered probit models with z-statistics to analyze their data. Given the ordinal nature of our dependent variables (ranging from 0 to 5, representing the number of safe, prudent, and temperate choices), we will follow Brunette and Jacob 2019's  methodology and specify an ordered logit model using the following regression equation for each individual’s risk preferences: 

Here,  represents the strength of the i-th individual’s preference feature under study (risk aversion, prudence, or temperance), measured as the number of safe, prudent, and temperate choices made, ranging from 0 to 5. Xi corresponds to the vectors of explanatory variables, which include the individual’s socio-demographic characteristics. We will report clustered standard deviations at the individual level. 

Where  is the number of safe/prudent/temperate choices, and  are covariates (socio-demographic characteristics)
Cluster Analysis 
We will implement a cluster analysis to empirically test whether the expected profiles shown in the table above appear in our data results. We will use risk attitudes, prudence, and temperance scores as our input variables to classify participants into risk profiles. 
We can use k-means on choice scores (0-5) for the task of Noussair et al. (2014) to characterize risk profiles. However, if we will be using the other risk aversion tasks, we would have to standardize the outcomes to construct the risk profiles. 
Non-Parametric Tests 
Kolomogorov-Smirnov (K-S test): We will use the Kolmogorov-Smirnov test to compare the overall distribution of risk aversion, prudence, and temperance scores across different treatment groups. 
Fligner-Policello test: We will use a non-parametric Fligner-Policello test to compare risk aversion scores, prudence, and temperance and to determine the statistical significance of the differences between treatments (e.g., Deterministic-$20 vs. Negative Shock-$20 (losers)). This test is more robust than the Mann-Whitney U test when variances between the two groups to be compared may differ. 
Chi-Square Tests
A Chi-Square Test of Independence will determine whether a risk attitude (risk-averse or risk-loving) is significantly associated with prudence and temperance. This test would allow us to evaluate whether the expected profiles above will likely emerge in our data. 
Robustness Checks 
A permutation test can be used to compare the means, medians, or distributions of groups since it is well-suited for the ordinal nature of our data. In addition, it does not rely on assumptions of normality or homogeneity of variance. 
Multiple Hypothesis Testing (List MHP) 
We will conduct multiple hypothesis testing for our primary hypothesis. Since we will perform numerous pairwise comparisons (e.g., Deterministic-$20 vs. Negative Shock-$20) for each outcome (risk aversion, prudence, and temperance), we will implement the Romano-Wolf Stepdown Procedure as outlined in List et al. (2019). Adhering to the procedure, we will compute the test statistics, which can be obtained either from the non-parametric test (Fligner-Policello) or the ordered logit regression. Subsequently, we will employ bootstrap resampling to simulate the joint distribution of the test statistics under the null hypothesis. For each bootstrap sample, we will calculate all test statistics and determine their maximum value. Finally, we will compare the actual test statistics to this empirical distribution to obtain adjusted p-values. 
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