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1. Introduction
1.1.  Abstract
We investigate what narratives can sway the Indonesian public to be more receptive to progressive policies and alternative development models centered on social justice and the environment. We conduct an online experiment in which we randomly expose participants to a short story about the Indonesian economy. Each story appeals to different values or messages, from equal opportunity to environmental protection. If we can identify economic narratives that align with low-emission, sustainability, or social justice, they will shape a positive vision of the future of Indonesia. This vision will support the policy advocacy work that is being done by many think tanks. It may also energize the public to join climate actions that CSOs organize.
1.1.  Motivation
We recognize the continued imperative of economic growth and development in Indonesia. Around 26 million Indonesians still live in poverty (Pape & Rabia, 2023), and more have precarious livelihoods (Kalleberg et al., 2021). Some regions also suffer from a wide economic disparity (Akita & Kataoka, 2022; Suparman & Muzakir, 2023). Yet, the conventional growth model we have relied on for so long comes with a hefty price: a steep uptick in carbon emissions (Abram et al., 2016). In addition, while economic growth in Indonesia has contributed to reducing poverty levels, it has often been associated with increased income inequality (Hill, 2021; Yumna et al., 2015).
We need an alternative development model reconciling economic growth, sustainability, and social justice. However, economic transformation can be disruptive and sometimes involve inconvenient but necessary behavioral change (UNDP, 2017). For example, a successful phase-out of fossil fuel and nonrenewables will eventually lead to workers in these industries getting laid off or moving jobs (Parks & Baran, 2023). While we must find ways to compensate the losers from the reform (UNDP, 2021), this change can nonetheless be uncomfortable, and people might perceive this as an invasion of their way of life (Anderson, 2024; Tasch, 2024). This can cause people to be reluctant and even resistant to reform agendas (Harring, 2021). Policymakers, in turn, might hesitate to introduce reforms when they do not see electoral incentives. For a reform to succeed, campaigners must persuade the masses more effectively.
This is where narratives come in. Narratives are powerful tools that can influence public policy directions. A narrative is a sequence of temporally ordered and causally linked events. At an individual level, human beings make sense of the content of their consciousness by imposing a narrative structure. Because our narratives are all we have to make sense of what is going on, we tend to believe them, especially when they are coherent and plausible. We are motivated to maintain or increase the degree of plausibility of our narratives. We will resist experiences (information) that would reduce coherence. We are also more likely to be open or search for experiences that increase coherence (Beach & Wise, 2022). When a private narrative is shared with others, it becomes public. Public narratives are important because they influence public policymaking.[footnoteRef:2]  [2:  For example, suppose the prevailing narrative is “health comes from a visit to the doctor’s office” and that “health is the sole responsibility of the individual”. In that case, health policy discussions become limited to health care issues and strategies for improving health care services. But if the prevailing narrative is “we share a responsibility to create conditions in which everyone can be healthy” and “we are healthiest if we are all healthy together”, the policy discussions will focus on advancing health equity (Minnesotta Department of Health, 2024).] 

The prevailing public narratives seem to contradict development or growth with sustainability. We posit that one of the prevailing narratives about development and growth is that “development brings economic growth for many, but it requires sacrifice”. It probably emerged during Suharto’s era to justify mass eviction for massive development projects like Kedung Ombo (Crouch & Hill, 1992). Interestingly, the narrative persists today, as exemplified by the President in 2015 (Kementerian Sekretariat Negara, 2015), The Ministry of State-Owned Enterprises in 2021 (Perum Jasa Tirta I, 2021), and at least one head of regional government in 2022 (Suryaman, 2022). If development can be used to justify eviction, then it is not a giant leap to use it to justify deforestation or coal burning.[footnoteRef:3] [3:  In 2021, the Indonesian minister in charge of forestry and the environment proclaim that “massive development must not stop in the name of carbon emissions or deforestation” (Tempo, 2021)] 

To the best of our knowledge, our study is the first to attack the problem of development narratives in Indonesia. Similar studies in Indonesia have examined interventions to promote climate policies (Dechezleprêtre et al., 2022; Marshall et al., 2023) and land subsidence prevention (Sim et al., 2024). Our research improves upon these studies by expanding the focus to the social justice aspect. In addition, our research aims to reimagine the narrative at a more systemic level. This might have a broader implication on people’s fundamental understanding of how the economy and development should work (NEON et al., 2018).  
1.2.  Research Questions
	Question
	How to answer

	Can narrative influence people’s policy support for progressive policies?
	Comparison of main outcomes between overall treatment vs. control

	What key message or narrative most effectively persuades people to support progressive policies?
	Comparison of main outcomes between each treatment arm against the control group

	Through what channel does narrative affect people’s views and beliefs?
	Mechanism analysis (analysis of secondary outcomes)



2. Research Strategy
2.1.  Sampling
2.1.1. Sampling Frame
	Target group (inclusion criteria)
	· Aged 18-64 years
· All genders
· Indonesian citizens

	
	
	

	
	
	

	Exclusion criteria
	· Not registered in Dynata’s respondent panel
· Not residing in Indonesia
	

	Sample size
	+/- 4.000
	


We aim to make our survey sample as close to national representation as possible. We understand that there is inherent selection bias in online surveys stemming from technological barriers. However, we implement the following sex, age, and province sampling quota in recruitment to push us closer to national representation.
	Sex
	Age group
	Quota (%)

	Male
	18-25
	9,86

	Male
	26-30
	5,93

	Male
	31-40
	12,00

	Male
	41-64
	22,32

	Female
	18-25
	9,55

	Female
	26-30
	5,87

	Female
	31-40
	11,82

	Female
	41-64
	22,65



	Province
	Quota (%)

	Aceh
	1,95

	Sumatera Utara
	5,28

	Sumatera Barat
	1,96

	Riau
	2,57

	Jambi
	1,34

	Sumatera Selatan
	3,14

	Bengkulu
	0,75

	Lampung
	3,14

	Kepulauan Bangka Belitung
	0,55

	Kepulauan Riau
	0,92

	DKI Jakarta
	4,10

	Jawa Barat
	18,61

	Jawa Tengah
	12,72

	DI Yogyakarta
	1,50

	Jawa Timur
	14,96

	Banten
	4,89

	Bali
	1,68

	Nusa Tenggara Barat
	1,91

	Nusa Tenggara Timur
	1,91

	Kalimantan Barat
	1,90

	Kalimantan Tengah
	1,03

	Kalimantan Selatan
	1,57

	Kalimantan Timur
	1,40

	Kalimantan Utara
	0,26

	Sulawesi Utara
	0,93

	Sulawesi Tengah
	1,14

	Sulawesi Selatan
	3,25

	Sulawesi Tenggara
	0,96

	Gorontalo
	0,44

	Sulawesi Barat
	0,50

	Maluku
	0,63

	Maluku Utara
	0,46

	Papua Barat
	0,37

	Papua
	1,31



We will recruit research subjects through an online survey partner, targeting 4,000 participants. Our survey partner, Dynata, has previously conducted two similar studies in Indonesia with other researchers. Dynata has a respondent panel database registered on its platform. Dynata will send online survey participation invitations to potential subjects’ devices, and they can decide whether or not to participate.
2.1.2. Statistical Power
We use the standard α = .05 and β = 0.2, which puts our desired minimum power at 80%. In determining sample size, we follow Dechezleprêtre et al. (2022), who detected a statistically significant impact of an intervention to promote climate policies. The study has a group size of around 622 for treatment and control and was able to detect an effect size in the range of 4 to 18 percentage points probability of supporting a certain climate policy. 
As a robustness check, we use these effect sizes from Dechezleprêtre et al. (2022) in a simulation to calculate the required sample size for a given MDE using data from Leiserowitz et al. (2023). The researchers studied climate change perceptions among Indonesians and administered questions regarding the public’s preference for forest clearing policy – i.e., whether they agree to clear forests for a particular purpose. We display the simulation result in Figure 1.
Figure 1 shows that most sample sizes are concentrated around 500-600, following the effect sizes that are concentrated at around seven percentage points. We posit that the actual effect size for our study might lie somewhere around this point. As such, we set the size of each treatment arm to 630 individuals and the control to 850 individuals. 
We randomize treatment assignment at the individual level; hence, our power calculations do not account for clustering. 
Figure 1: Sample size simulation
[image: ]
2.1.3. Assignment to Treatment
The source of exogenous variation is random assignment to treatment arms. From a large panel pool, Dynata randomly assigns 4,000 participants to one of six groups.
2.1.4. Sample Attrition
Our treatment is a one-off intervention. We ask outcome questions directly after administering the treatments. We currently have no plan to conduct a follow-up study of this sample. As such, we don’t expect sample attrition.
2.2.  Fieldwork
2.2.1. Instruments
We employ a simple survey questionnaire which covers the following topics:
A. Participant’s demographic information
B. Participant’s household characteristics
C. Participants’ response towards the stimulus
D. Participants’ opinions on several statements about the economy and the government
E. Participants’ policy support
F. Participants’ opinions on what aspects of the economy they value the most (improvement of material condition, rights of others, environmental preservation, and citizen participation) 
G. Participants’ beliefs on their personal obligation and ability
H. Several control items, such as participants’ parenting values (as a proxy of degree of conservatism) and degree of social desirability bias.
We constructed items A to E on our own, largely based on our past survey experiences. We adapted the conjoint analysis by Marshall et al. (2023) to develop item F and items from NEON et al. (2018) to develop item G. We use the module developed by Engelhardt et al., (2023) in measuring the degree of conservatism and administer the shortened Crowne’s Social Desirability Bias module developed by Reynolds (1982).
We have tested the instrument in a pilot involving 200 observations in late January 2025. In line with our initial prediction, the survey takes around 20-25 minutes to complete. The conjoint analysis (item F) might be the most cognitively challenging part of the survey. As is standard in most online surveys, the questionnaire is self-administered; hence, all the information is based on self-reporting.
2.2.2. Data Collection
We expect the data collection to take around 3 weeks to complete. We keep the data confidential at this stage by only granting data access to approved research team members.
2.2.3. Data Processing
We estimate that data processing will take around five working days. The survey data output will already have labels and an accompanying codebook. As such, we do not expect to conduct extensive data wrangling. We will transform several variables to better fit the estimators we’re using. This might be the only substantial data processing task. We have also already started writing the data preparation code as the survey runs concurrently. 
We keep the processed data confidential by only granting access to approved research team members. Our organization will possess data ownership, but we plan to publish the data and the replication package for public use after completing the analysis. Due to our online survey partner's policy, the data will be anonymous by design; hence, we will not hold any PIIs. We are currently developing a website that will host the data-sharing platform. We will adhere to the best security standards in this matter.
3. Empirical Analysis
3.1.  Variables
Our primary interest is studying how our treatment influences support for progressive policy ideas. We have 13 policy items:
1) Fuel and electricity price hikes accompanied by cash transfers to all, not just the poor
2) A larger government budget for the development of a mass, integrated, and environmentally friendly public transportation system
3) Greater government budget for the development of green technology and renewable energy
4) Residents who are displaced due to infrastructure development projects benefit from the utilization of the infrastructure
5) Subsidies for energy-efficient homes and buildings
6) Greater value of social assistance
7) Broader coverage of social assistance recipients, even for the middle-class
8) Higher motor vehicle tax
9) Subsidize industries to switch to green technology and energy
10) The government provides financial assistance for people who have recently lost their jobs
11) Clearing forest land for agriculture or plantations, even for the purpose of producing petroleum substitute fuels (such as biofuels/bioethanol)
12) Clearing forest land for settlement development
13) Clearing forest land for infrastructure development
For each policy item, we ask the respondents to indicate their support level, ranging from 1 (strongly opposes) to 5 (strongly supports). 
We might use an alternative format of the outcome variables in an alternative regression specification. Instead of their initial Likert form, we might transform them into a binary dummy if the respondent supports (Likert value 4-5), opposes (Likert value 1-2), or is undecided (Likert value 3).
We will also explore several other outcomes to understand the channel in which the stimulus affects policy support. They are: 
1) Respondents' views on what development goals should be
2) Respondents' views on what the roles of the government should be
3) Respondents' views on several statements about the economy and the government
4) What aspects of the economy the respondents value the most (improvement of material condition, rights of others, environmental preservation, and citizen participation)
5) Respondents' beliefs on their personal obligation and ability 
We also would like to document:
1) What is their interpretation of the story -- this is to control for the correct interpretation of the message
2) Their feelings/emotions after reading the text
3) Which sentence in the text resonates the most, and whether they agree with the statement
Since most of our outcomes are about views and beliefs, most of our questions are on a Likert scale. Some are in single or multiple-response format. All these variables can be transformed into binary dummy variables. 
As of now, it is difficult for us to say with certainty which variables we will transform. We will update the analysis plan as we proceed and clearly explain our chosen approach. Following suggestions by Banerjee et al, (2020), we will clearly note in the final paper if there is any angle of analysis that was not pre-registered.
3.2.  Balancing Checks
We employ the balance check procedure developed by Kerwin et al. (2024). This procedure avoids the problem of over-rejection of null in the standard balance tests. The variables we use for balance check are the demographic and household characteristics of the study units. We provide the details in the table below. 
	Variable name
	Description

	region1 
	A dummy equals one if the unit lives in Western Indonesian Timezone 

	region2
	A dummy equals to one if the unit lives in Central Indonesian Timezone 

	region3
	A dummy equals one if the unit lives in Eastern Indonesian Timezone 

	urban
	A dummy equals one if the unit lives in an urban area

	male
	A dummy equals to one if the unit is male

	ID04
	Age (in years old, discrete, untransformed from raw data)

	unmarried
	A dummy equals to one if the unit is unmarried

	edu1
	A dummy equals one if the unit’s education attainment is less than the primary level

	edu2
	A dummy equals one if the unit’s education attainment is the primary level

	edu3
	A dummy equals one if the unit’s education attainment is junior secondary level

	edu4
	A dummy equals one if the unit’s education attainment is senior secondary level

	edu5
	A dummy equals one if the unit’s education attainment is tertiary

	hhhead_female
	A dummy equals one if the household head is female

	nosocast 
	A dummy equals one if the household never receives social assistance

	hhsize
	Total number of individuals living in the household



3.3.  Treatment Effects
3.3.1. Intent to Treat
We write our main estimation model in Equation 1.

 is the outcome variable of individual i.  is a vector of treatment dummies for individual i. We include five dummies corresponding to five treatment arms to allow us to obtain the treatment effects of each arm. Each treatment dummy will yield . This is our coefficient of interest. It is essentially the mean difference of the outcome between treatment arm j against the control group.  and  are the regression intercept and idiosyncratic errors, respectively.
We will also run an estimation with control variables as sensitivity analysis to the first estimation. We specify the model in Equation 2.

 is a vector of covariates for individual i. We have not determined the number of controls we plan to use. Following the suggestion of Kerwin (2025), we will include age, sex, and province-fixed effect as controls because we used them in the sampling frame. We then let the Post Double Selection Lasso procedure developed by Chernozhukov et al. (2016) determine the remaining appropriate control variables. 
Finally, we will also control for the degree of conservatism, social desirability bias index, whether the respondents correctly interpreted the message, and respondent’s duration in answering the questions as a robustness check.
3.3.2. Treatment on the Treated
We do not expect ITT to be different than TOT in our study. The nature of our experiment does not leave much room for non-compliance. If you are assigned to a stimulus, there is no way for you to choose another stimulus. You can only unassign yourself from treatment by not participating in the experiment. The only considerable threat is when respondents skip the stimulus and do not read it. We implement the following actions to address this issue: 
1) We do not consider any respondent with a survey duration lower than 12 minutes as completed responses. There is a higher likelihood that respondents do not read the stimulus when the survey duration is implausibly quick. Our final sample of 4,000 observations will only include completed responses.
2) As we explained in the preceding section, we will include an indicator for whether the respondents correctly interpreted the message and the respondent’s survey duration as covariates in the regression. In theory, this should absorb the distortions caused by survey speeders.
Treatment spillover is only possible in the unlikeliest circumstances – i.e. when our respondents share their stimulus with each other. Given that we recruit from such a large pool and our coverage is national, we deem this improbable.
3.4.  Heterogeneous Effects
We are interested in learning the treatment effect heterogeneity by gender, region, education level, and SES status. These are standard demography-based sample groupings. We will update the analysis plan if we decide to add more heterogeneity dimensions. 
3.4.1. Intent to Treat
Our regression model for the heterogeneity analysis will be simple, as given by Equation 3.

Equation 3 is simply the extension of Equation 1 and utilizes a simple double difference framework. We add , which is a dummy for the heterogeneous group. We then interact this term with each treatment dummy in . This will yield , which tells us the treatment effect for the group in which the heterogeneous group dummy equals one. For example, if  is a dummy equal one if the individual i is male, then  will give us the treatment effect of treatment j for males. Meanwhile,  will give us the treatment effect of arm j for females.
Equation 4 gives the heterogeneity analysis regression model with controls.

3.4.2. Treatment on the Treated
We implement the same procedure as the main sample for the heterogeneity analysis.
3.5.  Standard Error Adjustment
Since we randomize treatment assignment at the individual level, we do not cluster our standard error (Abadie et al., 2023). However, we still implement the Huber-White sandwich estimator to obtain heteroskedasticity-robust standard errors (White, 1980).
We plan to address multiple hypothesis testing issues. However, we need more time to learn the latest developments in the field and prepare a specific plan at this stage. We are committed to following the most updated approach in the field. At the very least, we plan on executing the procedures discussed in McKenzie (2012) and McKenzie (2020). We will update the detailed plan at a later date.
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