Analysis Plan:  

To estimate the intent to treat effects, we plan on running the following regression: 
 
Yij = α + βITTZij + γXi + φj + εij     (1) 
 
Where Yij represents the outcomes of interest during the post-randomization period for  individual i, in block j. Zij represents the random assignment indicator for each youth within each block (j). Xi are the baseline covariates such as age, race, gender, enrollment in free lunch benefits, and prior arrest records to improve precision by accounting for residual variation. And lastly, φj  are the set of dummy variables indicating the observation’s block (by referral source).

To estimate the effect of participating in the program, we will estimate the effect of the treatment on the treated (TOT) by two-stage least squares using the random assignment indicator as an instrument for participation: 

Pij = α1 + β1Zij + γ1Xi + φj + εij1    (2)

Yij = α2 + β2Pij + γ2Xi + φj + εij2     (3)
 
Where Pij indicates participation in the program by a youth in a block after randomization.  
 
[bookmark: _GoBack]We will also explore heterogeneity of treatment effects. Identifying important heterogeneity across outcomes and by type of youth will help us learn who benefits the most (and least) from such an expensive and intensive program. First we will explore if effect sizes differ by youth who have had a prior arrest, prior school misconduct incident, gender, and type of school enrollment (traditional vs. non). However, multiple testing can become a concern when pursuing subgroup analyses. Therefore, we may also utilize recent supervised machine learning techniques to identify treatment heterogeneity if sample sizes are sufficient (Wager and Athey, 2015; Athey and Imbens, 2015). 

Social Network Analysis:

If the C2C intervention is successful at improving outcomes for high risk youth, it is possible this will not only improve the lives of the youth that are directly touched by the program, but also have a ripple effect in their communities. Since the program seeks to connect youth and their family with services they need to stabilize in all aspects of their lives, we anticipate that the pro-social behaviors learned in the program may have a spillover effect on the peers of treatment youth. To detect whether the C2C program has a spillover effect on the peers of those within treatment youths' networks, we intend to use administrative data to build both a co-arrest and co-suspension network. Past research have used co-offending networks as a means to understand how certain criminal activities are concentrated and spread (Schaefer 2012; Papachristos et al 2015; Carrington 2009; Reiss 1988). Furthermore, disengagement, violence, and crime often occurs in groups (Ballester et al. 2004; Sutherland 1947; Sarnecki 2001; and Warr 2002). Because youth referred to the program are involved in the criminal justice system, disengaged or seriously disruptive in school and/or witnesses and victims of traumatic violence, a reduction in these anti-social behaviors through C2C could be spread to others within the network either through direct teaching or a simply reducing the likelihood that associates can engage in anti-social behavior with treatment youth. This kind of analysis becomes important as the typical cost benefit analysis done in RCT’s may understate the social savings of the program. 
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