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Abstract
Armenia exhibits a stark gender paradox in educational and career specialization: girls outperform boys in mathematics and reading throughout secondary school, yet fewer than one third of students enrolled in tertiary ICT, Engineering, Industry and Technology programs are female. This project tests whether a classroom-based career-guidance intervention — centered on promoting non-stereotypical choices — shifts adolescent girls’ educational and career aspirations, as well as both boys’ and girls’ beliefs about who "belongs" in “tech” fields[footnoteRef:1]. We conduct a cluster-randomized controlled trial across 14 public schools in Yerevan (42 grade-9 classes, approximately 1,050–1,260 students). Within each school, one class is assigned to a control condition and two classes are assigned to receive the same two treatment modules (a role-model module featuring a woman working in an ICT-related occupations at an “AI company”, and a module on values and gender stereotypes in career choice) in random order, allowing us to separately identify the effect of each module. All classes, including control, receive a common introductory careers-orientation module. We pre-specify 6 primary outcomes derived from a survey administered at baseline and post treatment: (i) an indicator for considering studying in tech disciplines; (ii) perceptions of the extent to which jobs in tech and AI are equally appropriate for women and men; and (iii) self-assessed aptitude for AI-focused jobs, specifically attributable to the role-model module. Our central hypothesis is that treatment effects on tech aspirations are larger for girls than for boys. The study contributes the first experimental evidence on role-model interventions in tech /AI career guidance in a post-Soviet, upper-middle-income context, and — through linked administrative records on subsequent course and specialization choices — the first evidence linking such an intervention to downstream educational choices in this setting. [1:  In what follows, we generally refer to “tech” fields as educational and occupational areas related to technology, engineering and computer science. This is a narrower area than the more conventionally used “STEM” definition: simply put, our focus is on the T and E in STEM.] 



1. Introduction
1.1 Motivation and Policy Context
Armenia exhibits a pronounced gender paradox in education and career specialization. Female students consistently outperform male students in reading and mathematics at the secondary-school level, yet women are dramatically under-represented in Information and Communication Technology (ICT) and Engineering programs at the tertiary level. Administrative data from the Armenian Ministry of Education show that fewer than 20% of students enrolled in ICT programs are female, despite no measurable gender gap in academic preparation in these subjects. This misallocation of talent represents both an economic inefficiency and a social equity concern.
At the same time, Armenia hosts a rapidly growing AI and technology ecosystem centered in Yerevan — companies such as Krisp, PicsArt, ServiceTitan, Podcastle, Diagnocat, SuperAnnotate, Cognaize, and others — where women with engineering and computer-science backgrounds are active participants, alongside newer initiatives such as the NVIDIA-backed Firebird.ai infrastructure investment positioning Armenia as a regional AI hub. A central open question is which factors prevent 14–16-year-old girls from considering AI and technology careers as viable options. These may include limited exposure to relevant role models, beliefs about who “belongs” in these fields, as well as broader social, educational, and individual factors shaping career aspirations. Beyond its relevance to the Armenian labor market, AI is arguably one of the fastest-growing and most transformative technologies globally, making adolescents’ beliefs about who can succeed in AI-related work a policy-relevant question in its own right.
1.2 Related Literature
A growing body of randomized field evidence supports the potential of role-model interventions to shift students’ field-of-study choices. Porter and Serra (2020) show that a single 30-minute classroom visit by female economics professionals increased the share of women choosing to major in economics by approximately 10 percentage points in a U.S. undergraduate setting, with no adverse effects on men. Breda, Grenet, Monnet, and Van Effenterre (2023) conduct a large-scale RCT in French secondary schools in which female STEM professionals visited classrooms, finding significant positive effects on girls’ stated intentions to pursue STEM and — for the first time in this literature — evidence of effects on actual enrollment choices. Breda and Napp (2019) show that girls’ comparative advantage in reading relative to mathematics is a primary driver of gendered STEM sorting, and that this advantage is shaped by beliefs rather than by innate ability. Eccles and Wang (2016) document the centrality of expectancy-value beliefs ("Can I do this?" and "Is this worth doing for someone like me?") in STEM career formation during adolescence. Diekman, Brown, Johnston, and Clark (2010) show that girls avoid STEM in part because they perceive STEM jobs as incompatible with communal goals — helping others, working with people. Role models who make visible the social relevance and people-facing dimensions of AI work may directly address this barrier, motivating our secondary outcomes on perceived "communal" attributes of STEM and AI jobs.
1.3 Contribution
This study makes three contributions to the literature and to Armenian education policy:
Context: this is, to our knowledge, the first role-model RCT conducted in a post-Soviet, upper-middle-income country context, where the gender-tech gap coexists with high overall female educational attainment and no gender gap in actual mathematics performance, a setting where the mechanism is unlikely to be ability beliefs and more likely to be occupational stereotypes and lack of visible role models.
AI focus: existing studies draw role models from traditional STEM fields (economics, engineering, physical sciences). This study focuses specifically on women in AI-adjacent roles, reflecting the fastest-growing segment of the Armenian technology sector, and separately identifies the role-model channel from a complementary values/stereotypes-elicitation channel.
Policy relevance and long-run tracking: Armenia is undertaking major investments in STEM and AI education and has approved a national "Career Guidance" curricular course. Evidence from a well-identified field experiment, embedded in this curriculum and linked to administrative records on subsequent 10th- and 11th-grade course choices and vocational specialization, can directly inform career-orientation programs offered by public and private schools.


2. Research Questions
This study addresses the following primary research questions:
Does classroom-based exposure to the role-model and/or values-and-stereotypes modules increase girls’ choice of tech fields, and their self-assessed aptitude for math-focused jobs, to a larger extent than for boys?
Does exposure to the role-model and/or values-and-stereotypes modules make students (both girls and boys) more likely to identify tech and AI-related jobs as gender-neutral?
Does exposure to a female role model working in an AI-related occupation make girls specifically more likely to report that they would perform well in AI-related jobs?
Secondary research questions:
Are both girls and boys more likely to perceive tech jobs as "for and with people" after treatment?
Are both girls and boys more likely to perceive tech jobs as allowing a good work-life balance, specifically after the role-model module?
Do treatment effects in 4. And 5. (tech perceptions) differ for boys and girls?
3. Research Design
3.1 Study Population and Sampling
The study targets grade-9 students (approximately 15–16 years old) in public secondary schools in Yerevan. Fourteen public schools, nominated by the Ministry of Education, Science, Culture and Sport (ESCS), participate in the study. Each school contributes three grade-9 classes to the study: two treatment classes (Treat 1 and Treat 2) and one control class, for a total of 42 classes. Based on administrative class-roster data collected in spring 2026, participating classes average approximately 25–30 students, yielding a target analytic sample of approximately 1,050–1,260 students. Both male and female students in participating classes receive the intervention and complete the baseline and follow-up surveys; outcomes are analyzed for both genders, with boys’ data primarily used to benchmark the differential (gender-gap-closing) effect on girls described in Section 6.
Schools were identified and recruited through AUA’s institutional network with Ministry approval; school principals have provided institutional authorization, and formal written agreements with school administrations will be finalized prior to fieldwork. Written parental consent (in Armenian) is obtained prior to any survey analysis; because the career-guidance program is a Ministry-approved curricular module offered to all students regardless of study participation, parental consent pertains specifically to the processing and storage of survey data, not to participation in the classroom sessions themselves.
3.2 Randomization
This is a cluster-randomized controlled trial. The unit of randomization is the school class. Randomization is stratified (blocked) by school: within each of the 14 schools, three grade-9 classes are randomly assigned, one each, to Control, Treatment 1 (T1), and Treatment 2 (T2). Blocking by school ensures exact balance on school-level characteristics (location, administration, socio-economic catchment area) across arms by construction, and randomization will be implemented and documented centrally by the research team rather than by school staff. 
Randomization will be implemented by generating a uniformly distributed random number for each class, sorting the three classes within each school according to this number, and assigning the class with the lowest random number to Control, the second to T1, and the third to T2. A fixed random-number seed will be set before randomization to ensure full reproducibility. Prior to generating random numbers, the dataset will be sorted by school and class identifiers to ensure that the randomization is exactly reproducible from the recorded seed and dataset.
The procedure can be implemented in Stata as follows:
* Put observations in a unique order
sort school_id class_id

* Set seed and generate random number
set seed 123456
gen rand = runiform()

* Randomize the three classes within each school
bysort school_id (rand): gen assignment = _n

label define assignment_lbl 1 "Control" 2 "T1" 3 "T2"
label values assignment assignment_lbl

Here, school_id uniquely identifies each school and class_ID each class. After sorting classes by the randomly generated number within each school, assignment = 1 corresponds to Control, assignment = 2 to T1, and assignment = 3 to T2. The randomization seed, code, and resulting treatment assignment will be retained so that the procedure can be reproduced exactly.
3.3 Intervention: Career-Guidance Modules
The intervention is a four-module classroom-based career-guidance program ("Career Guidance Program Promoting Gender Balance, STEM-Oriented"), developed to be consistent with the Ministry of ESCS’s pilot standard for the "Career Guidance" course (grades 8–11) and delivered by professional career-orientation trainers. Total program duration is 180 minutes, split across four modules:
Module 1 — Self-Awareness and Discovery of Interests (introductory). A neutral module in which students complete a validated vocational-interest inventory (Holland/RIASEC) and reflect on their own interests and strengths. Delivered to all three arms (Control, Treat 1, Treat 2).
Module 2 — My Values and Stereotypes. Students work through exercises eliciting and critically examining gender stereotypes in career and profession choice.
Module 3 — Meeting with a Tech Specialist (role-model module). A woman working in a technical/AI role at a Yerevan AI or technology company (e.g., Async, Daniam, EPAM, ServiceTitan, FiveBrane ) visits the classroom to describe her career path and current work, using a structured role-model protocol. Role models are recruited through the research team’s professional networks, LinkedIn outreach, and referrals from AI companies operating in Yerevan.
Module 4 — Action Planning (closing session, not evaluated). Students complete an individual career-planning exercise. Delivered to Treat 1 and Treat 2 only, after both content modules; not designed to be separately evaluated and excluded from the primary and secondary outcome analysis.
The two active treatment arms receive the identical set of modules but in reversed order, which is the key design feature enabling separate identification of the role-model module from the values-and-stereotypes module:
Treat 1: Baseline survey → Module 1 → Module 2 (Values and Stereotypes) → [Survey 2] → Module 3 (Role model) → Module 4
Treat 2: Baseline survey → Module 1 → Module 3 (Role model) → [Survey 2] → Module 2 (Values and Stereotypes) → Module 4
Control: Baseline survey → Module 1 only → [Survey, timed to match Survey 2] --> alternative role-model exposure (administered by AUA faculty and affiliates) 
Module 1 is delivered immediately after the baseline survey; the first content module (Module 2 for T1, Module 3 for T2) follows at least 3 days later. Survey 2 (the main evaluation, see Section 3.4) is administered at least 20 days after this first content module and before the crossover module is delivered, so that at the time of Survey 2, T1 has received Module 1 + Module 2 only and T2 has received Module 1 + Module 3 only — allowing the T1-vs-Control and T2-vs-Control contrasts to isolate the effect of Module 2 and Module 3, respectively. The crossover module is delivered immediately after Survey 2, and the closing Module 4 follows approximately 8 days later, both for Treat 1 and Treat 2. 


Figure 1. Outline of the intervention and survey schedule.
	Arm
	Baseline Survey
	Module 1
(Introductory)
	First content module
	Survey 2
(main evaluation)
	Second content module
	Module 4
(closing, not evaluated)

	Treat 1
	Yes
	Yes
	Module 2 (Values/Stereotypes)
	Yes
	Module 3 (Role model)
	Yes

	Treat 2
	Yes
	Yes
	Module 3 (Role model)
	Yes
	Module 2 (Values/Stereotypes)
	Yes

	Control
	Yes
	Yes
	—
	Yes (matched timing)
	Role model from AUA
	—



3.4 Survey Instrument and Timing
A single survey instrument ("Intervention Evaluation Questionnaire") is administered at two waves: a baseline survey (before Module 1) and Survey 2 (immediately after each treatment arm’s first content module, and at the matched time point for Control). The full instrument (in two verisions) is attached to this pre-analysis plan as a separate file (Survey_tool_Baseline and Survey_tool_Endline). 
Its main sections are:
Q1–Q3: Stated field-of-study choice (up to three fields, from a 9-category list spanning STEM and non-STEM fields), first-choice field, and two open-ended professions the student could imagine working in.
Q4: Ranking of job attributes valued for one’s future career (work-life balance, excelling, salary, working with people, helping others, working with things, prestige).
Q5: A 5-point semantic-differential item on beliefs about AI’s effect on the labor market.
Q6: Prior familiarity with/participation in TUMO (Center for Creative Technologies) activities.
Q7: For each of 10 field categories (including "the growing use of AI for work"), three 5-point semantic-differential items on perceived wellbeing impact, perceived "working with people," and perceived work-life balance.
Q8: For each of the 10 field categories, a 0–10 gender-appropriateness rating (0 = more appropriate for women, 5 = equally appropriate, 10 = more appropriate for men).
Q9: Six 5-point semantic-differential self-assessment items: perceived aptitude in math, reading, and verbal tasks; enjoyment of math; and self-assessed aptitude for math-focused jobs (Q9e) and AI-focused jobs (Q9f).
Q10 (Survey 2 only, Treat 1 and Treat 2 only): a name-generator item asking students to list up to five classmates and up to five students in other classes with whom they discussed the session, used to measure within- and cross-class diffusion of treatment content for spillover analysis.
Demographics: gender, year and month of birth, current GPA, parental education and employment status, and whether parents work abroad.
3.5 Long-Run Administrative Follow-Up
Beyond the two survey waves, the research team will track students’ subsequent choices using administrative records obtained through the Ministry’s Educational Technologies Advancement Center, including course choices in 10th and 11th grade and, for students who move to vocational schools, their choice of specialization. These administrative outcomes are treated as long-run, exploratory outcomes given the multi-year horizon required to observe them and will be analyzed and reported separately from the primary short-run survey outcomes pre-specified in this plan.


4. Hypotheses
The study tests three primary and two secondary hypotheses, mapped to the outcomes defined in Section 5.
H1: Differential tech-aspiration effect by gender
Exposure to the career-guidance modules and role models increases girls’ tech aspirations (field choice) by more than it increases boys’, consistent with the hypothesis that girls — not boys — are held back from tech primarily by stereotype-driven beliefs rather than by a lack of ability or interest. As a secondary outcome, we also expect the interventions to increase self-assessed aptitude for math-focused jobs, with a larger effect for girls than for boys. Changes in perceived aptitude may constitute one channel through which the interventions affect girls’ field choices. We expect these differential effects for both Module 2 (Values/Stereotypes) and Module 3 (Role model), though the mechanisms differ: Module 2 targets beliefs directly, while Module 3 operationalizes the "can someone like me do this?" channel identified in the expectancy-value literature (Eccles & Wang, 2016).
H2: Gender-neutrality perceptions
Exposure to the modules decreases the extent to which both girls and boys perceive technology and AI-related jobs as more appropriate for men, since both modules directly address gender stereotypes about who works in these fields. We do not have a strong prior that this effect is gendered.
H3: Role-model-specific effect on AI-job self-efficacy
Girls exposed specifically to the role-model module (Module 3) are more likely than boys to report that they would perform well in AI-focused jobs, reflecting a direct "someone like me succeeds in this field" mechanism that is plausibly specific to the role-model module rather than to the values/stereotypes module.
H4 (secondary): Perceived communal value of tech/AI jobs
Both girls and boys are more likely, after treatment, to perceive tech and AI jobs as "for and with people" (as opposed to solitary/technical), consistent with Diekman et al. (2010) on communal-goal congruity as a barrier to STEM interest.
H5 (secondary): Perceived work-life balance in tech/AI jobs, role-model-specific
Both girls and boys exposed to the role-model module are more likely to perceive tech/AI jobs as compatible with a good work-life balance. 
As an exploratory extension, we will examine (without a strong directional prior, and not subject to the same multiple-testing correction as H1–H5) whether the effects in H4 and H5 are larger for girls than for boys.


5. Outcome Measures
5.1 Coding of Tech Fields
Several outcomes require classifying the 9 fields listed in Q1/Q2 (and the 10 fields in Q7/Q8) as tech or non-tech. We pre-specify two definitions:
Primary definition (narrow, AI-adjacent-tech): Technology, Engineering, and/or Data and Computers Science. All headline results will be reported under the primary definition, with the broader definition reported as a robustness check in an appendix table.
Secondary definition (broad-tech): (a) Mathematics and/or Physics; (b) Technology, Engineering, and/or Data and Computers Science; (c) Architecture and/or Construction.
The two open-ended professions in Q3 will be independently coded as tech /non-tech by two research assistants blind to treatment status, following the same field taxonomy; disagreements will be adjudicated by a third coder. The coding protocol (dictionary of professions → field category) will be finalized and archived before treatment-status data are merged in for analysis.
5.2 Primary Outcomes
PO1 — Preference for tech
Tech choiceᵢ: indicator that a tech field (see 5.1) was selected in Q1.

PO2 and PO3—Tech/AI fields more appropriate for men 
· The 1-10 response to question Q8 for tech fields (see 5.1) and AI fields (Q8.j).
PO4 — AI-Job Self-Efficacy (role-model-specific)
· The 1–5 response to Q9f ("I would perform well working in AI-focused jobs").
5.3 Secondary Outcomes
SO1 and SO2 —The 1-5 answers in Q7 for “jobs in the sector involve working for people” and “good and services created in the sector improve people wellbeing”, averaged within the same respondent, for tech fields (SO1) and AI (j) (SO2). 
SO3 and SO4 — Work-life-balance index, role-model-specific: the 1-5 answer in Q7 from the work-life-balance item for tech fields (SO3) and (j) (SO4). 
SO5 —The 1–5 response to Q9e ("I would perform well working in math-focused jobs").

6. Empirical Strategy
We estimate the following specifications separately for outcomes PO1, PO2 and SO1 defined in Section 5. This specification exploits the fact that, at Survey 2, T1 has received only Module 2 and T2 has received only Module 3, so that T1-vs-Control and T2-vs-Control contrasts identify the effect of each module separately, net of Module 1 (received by all arms). For student i in class c in school s:
(1) 	
where Control is the omitted category; δₛ are school fixed effects (randomization is blocked by school); and standard errors are clustered at the class level (28 clusters).  is the effect of exposure to Module 2 or Module 3 on boys;  is the corresponding differential ("gap-closing") effect on girls.  tests H1 on PO1 and SO5. We estimate, in practice, 2 equations, that focus on, respectively, Module 2 (sample is made of T1 and C) and Module 3 (sample is made of T2 and C). 
(2) 	
 is the effect of exposure to Module 2 or 3 on both boys and girls. < 0 tests H2 when outcome is PO2, > 0 tests H4 when outcomes is SO1. For each outcome we estimate, in practice, 2 equations, that focus on, respectively, Module 2 (sample is made of T1 and C) and Module 3 (sample is made of T2 and C). 
We also estimate Equation (2) only on the sample made of T2 and C: < 0 tests H3 when outcome is PO3, > 0 tests H4 when outcome is SO2 and H5 when outcomes are SO3 and SO4. These are all role-model specific outcomes. 
(3) 	
The coefficient tests H3 for PO4. 
Given the moderate number of clusters (28), we will report wild cluster bootstrap-t p-values (Cameron, Gelbach & Miller, 2008) alongside conventional cluster-robust standard errors as a robustness check.
In exploratory analysis, we will also test  in Equation (1) when the outcomes are SO1 and SO2, as well as in Equation (1) when the outcomes are SO3 and SO4, to examine whether the effects hypothesized at H4 and H5 are different by gender, mirroring the sample choices outlined above depending on whether the treatment is role-model specific or not. 

Summary of tests for primary outcomes
	Outcome
	Equation
	Coeffient
	Sample
	Test
	Family

	PO1
	1
	β3 (T1×Female)
	T1 and C
	H1 – Module 2 affects girls’ choices more
	Primary

	PO1
	1
	β3 (T2×Female)
	T2 and C
	H1 – Module 3 affects girls’ choices more
	Primary

	PO2
	2
	β1
	T1 and C
	H2 – Module 2 reduces stereotypes on tech
	Primary

	PO2 
	2
	β1
	T2 and C
	H2 – Module 3 reduces stereotypes on tech
	Primary

	PO3 
	2
	β1
	T2 and C
	H2 – Module 3 reduces stereotypes on AI 
	Primary 

	PO4
	3
	β3 (T2×Female)
	T2 and C
	H3 – Module 3 affects girls AI self-efficacy more
	Primary



6.4 Multiple Hypothesis Testing
We will apply the Romano-Wolf step-down procedure (Romano & Wolf, 2005, 2016) to control the family-wise error rate across the six-coefficient primary family, with Bonferroni-adjusted p-values reported alongside as a simpler benchmark. All other coefficients are secondary or exploratory and are reported without multiple-testing correction, following J-PAL guidance that a registry entry need not treat all secondary outcomes with the same rigor as pre-specified primary outcomes. 


7. Heterogeneous Treatment Effects
Beyond the central gender interaction embedded in the main specification (Section 6.1), the following moderators are pre-specified and will be examined via triple-interaction terms (Treatment × Moderator, and Treatment × Moderator × Female where relevant):
Baseline STEM-aspiration index (above vs. below the sample median), to test whether the intervention shifts the extensive margin (students not previously considering STEM) or the intensive margin.
Parental education (a proxy for socio-economic status and, for mothers specifically, for direct exposure to a highly educated female role model at home).
Baseline math self-efficacy / GPA.
Prior familiarity with TUMO (Q6), as a proxy for pre-existing exposure to STEM-oriented extracurricular programming.
Baseline average between “I would like a job that involves working with people” and “I would like a job that allows me to help other people” (both indicator variables)
Baseline value for “I would like a job where I can combine a career with life outside of work” (indicator variable)
These heterogeneity analyses are secondary to the primary gender-interaction tests in Section 6 and are not subject to the same multiple-testing correction; results will be reported as exploratory.
8. Attrition, Spillovers, and Missing Data
8.1 Attrition
Attrition may arise from student absence on survey days, school withdrawal from the study, individual non-response, or lack of parental consent to using the data. We will report attrition rates by arm and test for differential attrition (a class-level regression of survey-completion rate on treatment assignment, with school fixed effects). If differential attrition exceeds 2 percentage points between any treatment arm and Control, we will report Lee (2009) trimming bounds as a robustness check on the primary outcomes, in addition to the main estimates under the assumption of ignorable attrition.
8.2 Spillovers
Because Treat 1, Treat 2, and Control classes coexist within the same school, within-school spillovers (from discussion between treated and untreated students) are a concern for interpreting the Control group as a clean counterfactual. The Q10 name-generator item (Survey 2, treated students only) will be used to (i) describe the extent of within-class and cross-class discussion of the intervention, and (ii) as a robustness check, re-estimate the main specification excluding control students who are directly nominated by a treated peer as having discussed the session with them.


9. Data Cleaning and Quality Control
The following exclusion and quality-control rules are specified in advance and will be applied prior to any outcome analysis:
Incomplete surveys: students who do not complete the outcome sections relevant to a given wave are excluded from analysis.
Duplicate or unmatched identifiers: duplicate student IDs, or survey responses that cannot be matched to a valid class/treatment assignment, will be investigated and resolved; unresolved cases will be excluded.
Non-consent: students whose parents have not provided consent for data collection will not appear in the analysis dataset; the classroom sessions themselves are delivered to all students regardless of consent status, consistent with the IRB-approved protocol.
Straight-lining / inattentive response: students who provide an identical response to all items within the Q7 or Q8 batteries (10 near-identical grids) will be flagged as likely inattentive; primary results will be reported both including and excluding flagged respondents.
Treatment-assignment verification: class-level treatment status, as recorded by the research team’s randomization file, will be cross-checked against the delivery log maintained by the module trainers before merging with survey data; discrepancies will be investigated and resolved before analysis begins.


10. Timeline and Pre-Registration
Consistent with J-PAL and AEA RCT Registry guidance, this pre-analysis plan will be registered in the AEA Social Science Registry (socialscienceregistry.org) before the intervention start date. Because IRB approval has been sought from the American University of Armenia, Institutional Review Board #1, much of the required registry information (population, design, primary outcomes, sample size) can be carried over directly from the IRB application. The Principal Investigator (Vardan Baghdasaryan) will create/approve the registry account; this document will be uploaded as the accompanying Pre-Analysis Plan file and may remain hidden until the study is complete, per standard registry practice.
	Stage
	Description
	Approximate timing

	Pre-registration
	Register trial and upload this PAP on the AEA RCT Registry, before the intervention start date.
	Before Sept. 14, 2026

	Baseline survey
	Administer baseline survey (including demographics).
	Sept. 14–, 2026

	Module 1 (all arms)
	Deliver the introductory, common module to Control, Treat 1, and Treat 2.
	Sept. 14–, 2026

	Radomization
	Once the implementing partner visits the school, they learn which classes are assigned to the RCT. At that point, we are able to randomize them into treatment and control, before any data has been processed.
	Sept 14 - 

	Survey 2 (main evaluation)
	Administer Survey 2 to all arms, immediately after each treatment arm’s first content module.
	Nov.2- 30, 2026

	Crossover module
	Deliver Module 3 (Treat 1) / Module 2 (Treat 2).
	Immediately following Survey 2

	Module 4 (closing, not evaluated)
	Deliver the closing action-planning module to Treat 1 and Treat 2.
	Dec. 2026

	Data cleaning
	Apply pre-specified cleaning/exclusion rules; verify randomization and treatment logs; construct analysis dataset and indices.
	Dec. 2026

	Primary analysis
	Estimate treatment effects for all pre-specified contrasts; conduct heterogeneity analysis; write up results.
	Dec. 2026 – early 2027

	Administrative follow-up
	Track 10th/11th-grade course choices and vocational specialization via Ministry administrative data.
	Ongoing, multi-year

	Reporting
	Circulate working paper; share findings with the Ministry of ESCS; submit for peer review.
	2027





11. Ethics and Data Protection
This study has been submitted for review to the American University of Armenia Institutional Review Board #1 (Turpanjian School of Public Health). The study is classified as minimal risk: no physical or clinical procedures are involved, and survey questions concern career preferences and self-assessed academic ability, which are not of a sensitive or clinical nature. Students may skip any question or decide not to take the survey without penalty. The career talk itself is a routine, Ministry-approved educational activity delivered as part of the school curriculum and is offered to all students regardless of study participation.
Student identifying information is coded into non-identifying ID numbers (hashed); the correspondence between ID numbers and identifying information is stored on a password-protected, access-restricted medium accessible only to research-team members, and is physically transferred (never over the web) to the Ministry’s Educational Technologies Advancement Center for the sole purpose of extracting administrative course and specialization choices. Identifying information will be destroyed upon completion of the project. Written parental consent (in Armenian) is obtained prior to data collection; consent concerns the collection, processing, and storage of survey and administrative data, not participation in the (curricular) classroom sessions.
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Appendix A. Attachments
Survey_tool_English (kopia).docx — full survey instrument (Draft), attached separately and to be uploaded alongside this PAP on the AEA RCT Registry.
Intervention_schedule_Final (kopia).xlsx — the authoritative, school-by-school fielding calendar (dates of baseline survey, Module 1, first/second content modules, Module 4, and control-group survey per school).
interveniton schedule.pdf — summary chart of the intervention and survey timeline, reproduced as Figure 1 above.
Modules_RCT_English_translation_revised (kopia).docx — full curriculum for Modules 1–4, including session-by-session content, materials, and the role-model delivery protocol (Appendix 4.1 therein).
IRB1-Non-Clinical-Application-Form2019 (kopia).pdf — AUA IRB #1 application, including consent forms.
Appendix B. Open Items for the Research Team
This first draft flags several decisions that should be confirmed (or adjusted) before registration; they are collected here for convenience and appear in context above:
Confirm the exact content of the baseline survey battery (Section 3.4) so pre-treatment values are available for all primary-outcome components.
Confirm the randomization documentation/archiving procedure (Section 3.2).
Confirm that Survey 2 is administered before the crossover module in every school, or provide the school-level exceptions (Section 3.3).
Confirm or adjust the choice of fields (b) and (j) used to construct PO2/SO1/SO2 (Section 5.3).
Re-run the power calculation once a baseline ICC is available, and confirm the final school/class counts (Section 7).
Confirm the coding protocol/dictionary for classifying open-ended Q3 professions as STEM/non-STEM before this becomes a live analysis decision (Section 5.1).
